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Artificial Intelligence

Machine Learning

Generative Al

https://medium.com/@priyasrivastaval8official/machine-learning-basics-part-1-what-is-generative-ai-how-it-is-different-from-ai-used-before-



https://medium.com/@priyasrivastava18official/machine-learning-basics-part-1-what-is-generative-ai-how-it-is-different-from-ai-used-before-34c78433dced
https://medium.com/@priyasrivastava18official/machine-learning-basics-part-1-what-is-generative-ai-how-it-is-different-from-ai-used-before-34c78433dced
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Artificial Intelligence

Machine Learning

Object Detection
Deep Learning

Generative Al

https://medium.com/@priyasrivastaval8official/machine-learning-basics-part-1-what-is-generative-ai-how-it-is-different-from-ai-used-before-



https://medium.com/@priyasrivastava18official/machine-learning-basics-part-1-what-is-generative-ai-how-it-is-different-from-ai-used-before-34c78433dced
https://medium.com/@priyasrivastava18official/machine-learning-basics-part-1-what-is-generative-ai-how-it-is-different-from-ai-used-before-34c78433dced
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Iteration (91udsunsSuiusudsuiuiaa) |
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WISDOM OF THE EAST

= il MediaPipe Studio

(z] Home

On-device ML for everyone ;

VISION

* Object Detection

Enjoy a new way to explore and evaluate on-device ML solutions.

* |mage Classification
* Image Segmentation

_ _ VISION
* |nteractive Segmentati...
= Gesture Recognition

Flamingo 95% |
: e =

*» Hand Landmark Detec...

* |Image Embedding

* Face Detection

Object Detection Image Classification Image Segmentation
Track and label objects in images. Identify content in images. Locate objects and create image
masks with labels.

* Face Landmark Detect...

* Pose Landmark Detec...
See demo See demo See demo

TEXT

= Text Classification v

« GEEEEEEEEEES———— > Thumbs up 63% [ A

https://google-ai-edge.github.io/mediapipe-samples-web
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MSASIDDUHIUWIKUE (Vehlcle Detectlon)
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simpleScreenRecorder =

File f_':,'.: CaImern View  Window Heilg EEI.QLLDA%E . STEAM | o%@:
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Spherical

Physics o o8 -0
Atmosph RLNTa : autoscroll
Wina
P Models
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Model in Cyber-Physical Systems

3.0
—— [attacked_sonarirange
—— [sonar/range

2.5

_ | | | | Blue line — actual position
Properkty

Red line — sensor perception
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Controller g/
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Filter
Filtered states

Intrusion Detector

msuUs:gnals Al sUuuudu dinsSulasumvnisnikis



U

w07 BURAPHA UNIVERSIT

ssssssssssssss

Tann o g aa'Jl_f BOI . (@ STEAM @

INVESTMENT of Things '@

Al Detection Lab




4

THAILAND lr BO' ' . STE AM ,-'«““""*f )
R%EAS%E%FT 'l a. a-) g * . of Things m

Jummans 3iu

NIWSOU Flow N1SN1VU
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Import Video

ulwvalwasalo

.mp4 [ .avi [ . mov
Extract frames IWOLQSEU
voya

Label Objects Train & Export Use in Program
010 Bounding Box wdavtdu YOLO dataset lkaalulaasaluuad
NIKUQ Class (KAsuNn Train YOLOv8 9aluJa NQdoUNIU Webcam uas
frame [aTwa best.pt wSoulGou nasvlasu
ACUNIW Dataset dowacio SOLSU Autonomous Grid
AoUWUUENlULaA Survey
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Step 1: Import Video
NIWSoUNIsUNVvadale

« UnWNIWa .mp4 / .avi/ .mov

e Extract frames QU interval NNIKUQ

- LOSEU frames d1KSU Label Objects

« Frames halNKany — Dataset ACUNIWED




Step 1: Import Video

S19)a5198QNISALAN Interval

e v Interval wu 1.0 Suii

* Interval adu ~» doyaurndu ualgal processing ulu

uu

o 30NMIKLKUIAU scene la: hardware

LAUNIWIKKa1AKay:
UUAGDY * LY * StYKID

Type
MP4
MP4
MP4
MP4

MP4

(.mp4, .avi, .mov, .mkv)
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# LABEL & TRAIN Al

W Video — Frames B Label Objects B Train Export

STEP 1 — OPEN A VIDEO AND EXTRACT FRAMES

@ Open Video File (.mp4, .avi, .mov, .mkv)

AKuam Interval

nann Open Video File uasuthnad ,3alo nla
21na18 Object naldan Wanad uad na
Open wWatdums Import wildsuasu
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Step 1: Import Video e STE/N

& LABEL & TRAIN Al

Video — extract frames — draw bounding

= Y

boxes — train a YOLOv8 model — save it
straight into this project's models folder.

® Video — Frames B Label Objects B Train Export

STEP 1 — OPEN A VIDEO AND EXTRACT FRAMES
@ Open Video File (.mp4, .avi, .mov, .mkv)

e b809b5f7-aa9c-4490-a6dd-c07deb5b81bf.mp4

=« Tip for a model that actually works later: don't film the object from just ONE fixed angle/distance (e.g. only straight down jlbm far away). Walk around it and get closer/farther shots too - including an angle
similar to how you'll hold it up to a laptop webcam to test it. A model trained on only one camera angle will usually jgs

Grab a frame every: 1.0 sec 4 ¥ (smaller = more frames, more labeling work)

1.na Extract Frames twatlganwaindalo
szuud=UDalandanbDuingalunmw Frame

SESSION LOG

B Opened video: b809b5f7-aa9c-Uu90-abédd-cB07debSb31bf.mp4d
@ New session: b809b5fT7-aa%c-u4u490-abdd-c07deb5b81lbf_20260910_130333
i@ Extracting frames every 1.0s (~every 30 frames at 29.7 fps)...
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Step 2: Label Objects

nawsounisaadnaveoua

» 010 Bounding Box soudanluucia: frame
- NKUQ Class (KAsuNNUSELNN

» Dataset Quality dhAcynda
 ASOUNQUKANEIUU ULED LAESEYEKID



Step 2: Label Objects

sngasdyasUuuu YOLO

4o Class LLa=na Add
E)lWUUE)I)C]ﬂﬂC]E)\)ﬂ']S

11
|

Qv
W

il Label Objects B Train Export

e STEP 2 — DRAW A BOX AROUND EACH OBJECT (drag with the mouse)
CLASSES

Type a class name on the left, then press Enter
to start drawing boxes

FRAMES
| B Frame 1
B Frame 2

SESSION LOG

5 Restore Size

BOXES ON THIS FRAME

THAILAND

BOARD OF
INVESTMENT

go
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Fummans 3o
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& LABEL & TRAIN Al

B video — Frames B Label Clbjed_r. B Train Export

BOI @ STEAM |
g'c'\ of Things

BURAPHA UNIVERSITY

WISDOM OF THE EAST

& Restore Size

STEP 2 — DRAW A BOX AROUND EACH OBJECT (drag with the mouse)

CLASSES

FRAMES
| B Frame - Frame 1/ 51

B Frame ?

SESSION LOG

BOXES ON THIS FRAME

2. axnasausaudaandovms Label 1Wo

ATKUQCILLKULUDVIAE




Step 2: Label Objects swp vp U BOIC,
sngazdyasUuuu YOLO

Best Practices

Label nnoanuwsu
o1 OEIVUDNN WDLSUNIWKSOQNUAUDUIDEDU
Label ASUBO8IaQ false negative

Box LUUvoudsnnwal
02 010 bounding box lKBavaudnN
KanNLaaLv box KoyrkSataniulu

KaNNKaNgUU UaD LasSEe:
03 iuvayaluanwioaaaucindnu
wolKklulaa generalize [QQ
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Step 3:
Train and Export (NTWSOU)

» wavvouan label udotdu YOLO dataset format
e Train YOLOV8 aalulauuuldonran

e StyUasILIWA .pt model wSaulELU

e UnlWa .pt wvalwataas models/
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BURAPHA UNIVERSITY

WISDOM OF THE EAST

NATUIANSSUNKITIRA

1 dalAsvasv Dataset daluld ¢ LABELATRANAL S
Auto Dataset Structure ox YOLOVE model

2 l§lu Train YOLOVB lﬁaDKahD B Video — Frames B Label Objects & Train Export
YOLOv8 Backend 5 MODE

3 9anAs train/val split uazlwataos e e
trainl val Split [ ) fo‘der Structu re 40 ~ ¥ Base model: yolovBn.pt (fast/light preset - downloads automatically the first time if not already cached)

4 1s99douU confidence Nou Export
confidence vovuaa: class * Export

# Start Training

SAVED MODEL

ATuUsUNNauU Export

QSODddU model_confidence.json SESSION LOG
WoQ confidence calibration vooucias class

KN confidence dNKSo lUAUNIEUD PpE—— ——
(Rwuvoyaua:n label triunau Export

M Video — Frames B Label Objects # Train Export

STEP 3 — TRAIN A YOLOVS

Frames: 51 + Labeled:50 -

4 W  Base mode t {fast/light preset - downloads automatically the first time if not alread

M Training Complete

i & Training complete!
SAVED MODEL

- nies B N e or ; . S o
B Saved as raptor_red.pt in this project's models folder - re ) B this model (global default is 0.75).
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BURAPHA UNIVERSITY

WISDOM OF THE EAST

B models X +

J Downloads > Al_Detection_Lab V3 > Al _Detection_lab > AlData & Training > models Search models

'C) New ~ N Sort -

o ' Kav Train 1ds»

~ Tod ay

—— sz:uuaswiwaluiaa .pt

. model_confidencejson JSON File

8 i s wazuunnlulwalaas models aaluud

wsaulsaus:uuasdddulasu

|- Downloads B bombide.pt 6 AM PT File

Il OneDrive

B Desktop B README

! Documents ~ |Last week

B Pictures B Raptor_Red_negative.pt de .
models (6 items)

ﬁ' Music

#® Videos Select a single file to get more

© information and share your
B models cloud content.

Il Newlabel

Il NewDataSet?

v B This PC

> B Local Disk (C)

6 items |
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Step 4:
Use in Program

NIwsounNIsisoLuluaa

« Auto-load lutmaan models/ 9nLuUNR

e NAADUNTIL Webcam taznaadlasuluu real-time
e Autonomous Grid Survey LUU zigzag

« 15293UTMEWIBN Bounding Box overlay

e W5l UNAY Train L&@S9




Step 4: Use in Program paae o aodlf 2% . 0'?3_5{’:';’!

(SN8a:daQ)

), Auto-Discover Models

yOlO deteCtor py aLLﬂquaLﬂas mOdelS/ AI DRONE DETECTION LAB #a Code Editor # Label Train Al 7 Train Gestures o CAMERA OFF
Tnanlnd pt snludh Tudosdmiiu ~
Current Maximum s et SRR bl = WP -- ,:’J-- « X=0 Y=0

0 0 =5
Unique Targets 0 -

« RTP Real-Time Stream
U video stream 31nnaB9lATUNIU RTP et e
Confidenc = START WEBCAM TEST

LLE@M9 detection UU live feed LLUU real-time y—

DRONE MISSION CONTROLS

T Al TEST — WEBCAM (NO DRONE NEEDED)

Al MODELS «+ scannin =3 Camera Down 90°

¥ Preview Grid

-m Zigzag Survey 'y SYSTEM LOG
= o

Juluidu zigzag ATOUARUNUNASID
M5IVUINYAADALAUNI

J- Pipeline
Webcam / Drone Cam - yolo detector.py
— Bounding Box Overlay — Survey Grid Route
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Webcam Test NOUTUDSL g ¢ 00 BOI, (@f STEAW

Al DRONE DETECTION LAB [Ualwa .pt aglu models
Autonomous Al Survey - Hula Drone Operations noaauw‘]u Webcam -[Onun
" OSJ)ddouU detection accuracy la: stability

DETECTION LIVE CAMERA / Al OVERLAY

Current Maximum {uanmwuavasvaau deploy uulasu
0 0

Unique Targets 0 rid spacing 50 cm

Frames analyzed: 0 mages captured: 0

CURRENT TARGET

NO TARGET
Confidence: -- ™ START WEBCAM TEST

¥ Al TEST — WEBC (NO DRONE NEEDED)

Crahilifys —- ,
Stability: @ Webcam: OFF
Frames: --

STATUS: SEARCHING

DRONE MISSION CONTROLS

Al MODELS - scanning... =@ Camera Down 90°

FE Preview Grid

SYSTEM LOG Hula SDK « Al « Navigatior
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A >

Al DRONE DETECTION LAB

Autonomous Al Survey « Hula Drone Operations

DETECTION AUTONOMOUS SURVEY PLAN | 250 x 250 cm | Spacing 50 cm | 36 waypoints P reVI eW G r'l d

uaavidunvaisuuazna Waypoint

Current Ma)('lmum @ PREVIEW ONLY — showing the planned route (not flying)

0 0 Nt FLIGHT C(
0,0 em -

. . Route: SEf
Unique Targets : Field: 250
Grid spaci
Survey alti
Waypoints:

CURRENT TARGET
WAYPOINT PLAN
NO TARGET WP 001 X= 0Y= 0 EAST

WP 002 ¥X=50Y= 0 EAST
Confidence: -- WP 003 X=100Y= 0 EAST ™ Camer¥ 920°
. ' z ' WP 004 X=150 Y= 0 EAST
Stability: -- WP 005 X=200Y= 0 EAST
WP 006 X=250Y= 0 EAST B Preview Grid
WP 007 X=250 Y= 50 SOUTH | RIGHT_90
STATUS: SEARCHING N _ WP 008 X=200 Y= 50 WEST | RIGHT 90
1 WP 009 X=150 Y= 50 WEST
WP 010 X=100 Y= 50 WEST
WP 011 X= 50 Y= 50 WEST » Start Al Camera

Al MODELS - scanning... WP 012 X= 0Y= 50 WEST
WP 013 X= 0Y=100 SOUTH | LEFT_90

WP 014 X= 50 Y=100 EAST |LEFT_90
WP 015 X=100 Y=100 EAST
WP 016 X=150 Y=100 EAST
WP 017 X=200 Y=100 EAST
WP 018 X=250 Y=100 EAST
36 35 ' : WP 019 X=250 Y=150 SOUTH | RIGHT 90 . .
SYSTEM LOG GREEN & PLANNED ROUTE | VELLOW = START® WP 020 X=200 Y=150 WEST | RIGHT_90 Hula SDK « Al » Navigation
> )= = e .
| sozsoan | WPU21 XTSOY=150 WEST
B Starting webcam test... e e
B Webcam test running (camera index @, AI detection ON)
¥ Stopping webcam test...

¥ Webcam test stopped

Frames: --
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Wwou Wifi uov Drone Hula
LIVE CAMERA / Al OVERLAY fiE)UlgUﬂjsnoaaU

¥ Preview Grid

< Wi-Fi

" Hula-2510250180

Mo internet, secured

Pisconnect na Start Al Camera
sleelaliz ool . 1Goudalasullazlasuus=uuasIDIU
e » lkaalwalutaa .pt 91n models/
R e WWanwa1nndoavuuu Real-Time

0 0 - 2 2 &
ricue Targets 0 * Usuyunaovav 90° IWwouavLWU

FE Preview Grid l
CURRENT TARGET
NO TARGET

» Start Al Camera

Al MODELS « scannin
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AI DRONE DETECTION LAB Start Autonomous Grid
in——— ISUTUMULEUNIVAAIKUQ
DETECTION

Current Ma:{i HIVE CAMERA!AE Ve o WE =l B} lla:CISDDDhU CTD M Od e lS ﬁ Trai n -[5-
Current Detection: 0 M/

1

Unique Targets
CURRENT TARGET
NO TARGET

Lonmndaence: --

Stability: & START AUTONOMOUS GRID

Frames:

STATUS: @ SEARCHING

Models loaded: 4 . Start Gesture Mission

B bombide.pt

B car.pt
B qgesture.pt

SYSTEM LOG

& AI LAB MODELS: 3 loaded
« bombide.pt
« car.pt
« yolov8n.pt

B Drone connected

e Camera set to DOWN 90°

) itemns 1 itemn selected 735 bytes
=:E Q Search _ . - il : E | @_“)

16:29
10/9/2569 &
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LN Confidence / Stability

01 91N Accuracy

stuuuan Stability Score 9oNuUN
IWa KKN1SOSoDYUUNGBONDVU

State Machine

SEARCHING — CANDIDATE — STABLE
02 — CONFIRMED [/ REJECTED

StUUGOLWIUNN state

OUADIUCBLWUBLVOLNISUSODVUlULAAEIWSU

Human Confirmation

0 3 aq False Positives

stuusaN1souUaINKHBNaUSUTUNA
BOINSOLNISASIDIUNAWAQ
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' Gesture Pilot

- UbAUlasuQosilo

» Gesture Classification
* 9ONUUU Gesture 1OV
. Vuaounall

), Object Detection

* 1SODIUONNADY YOLO
e 010 Bounding Box

» Sty Class 9aluJa
 ASU 4-Step Flow Ua0
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Gesture Pilot noo:ls
uvAulasuQosUounu joystick

AIUANLATUAIEYINNBNIN Webcam

UNU joystick LLUULAL

14 Teachable-Machine-style gesture classification
IUUNVIIUDLUU real-time AI8IULABNLNTULDS

WIS8UDONUUU Gesture 1OV

NTKUQ gesture class [ALOY WU

! rya e« 5 UKl » - 1a80B"Y
wJavnidawuAablasuluu real-time
WU gesture_classifier.py (UwoUldeonu
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Gesture Training Pipeline

<
LU Webcam Samples
o1 UUNN samples YDILLAAE gesture
2 e conmisanen B Tiwannvaneyu uas uasssezing

AMMITVTIYU2JIR ULEd | GIGT]

FORWARD
vinay lsAlananasitduvu "fuldthamiz § : B Clear
160 frame(s) recorde

BACK
vinaslsAlavianiaslauny "naomds i B Clear
248 fra ]

TURN LEFT
A LEnAnaglEuny "wyugha 90 ( I B Clear

@379 Gesture Classes
s 02 A1UA Forward / Left / Right / Stop
oo @ RO 8 i weiag class A58 samples WNEANWBLALUNAINVATEY

129 frame(s) recorde

Epochs: 30 # Train Gesture Model

Train gesture classifier.py
03 am Train luwauLfgn
szUUSUINGIR LR Lalutnansaulyeu
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Rotate 90° Real-Time Webcam Gesture - Command
ruulasu 90° aondL wJanw gesture 9N Ila: gesture class
(5 gesture Uag18)/vON NAOLUUU real-time map NuA1gLlasu

WAYUNF cmouduavnun Uo Forward / Left / Right /

delay Stop
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Gesture—controlled Drone Challenge

JPmm— \ W
( ® sourinu=NLAUAO

@ N1snNo Challenge
( Gesture Pilot > '
| elmport = Label = Train = ' (<<
e NQdOU Webcam NOUUUDSD (
. GuASUIEUNTLAUAIARIKUQ
« 4D Post-Flight Report

e Train Gesture Model voOAMULOD
>))) e DONUUUDELUDE 3 ANED
o GUONULEUNIVA0Y gesture

tINUu

s K115 joystick KS® manual

control
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Gesture-Only Navigation

1 OutvUrku8Qo8 gesture NNSULOLINIUU
KUTG joystick K5O keyboard Stk01D challenge

T —
Model Accuracy, Control Stability & Time
2 J09INADADIVLUUEVOD gesture model
AOTUA0YS STABLE / Confirmed

\/ wasoaNiBouAsuUduNL

/ 3 Post-Flight Report

asu dataset, training metrics, gesture classes
UtyrnINwu 1asluon1uweuunaoeaa
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e ultralytics

S

YOLO Model .pt

9aNasNuNOSODIUIAN > | PyTorch Weights: Iwauawsun >
lasAwAsnoasvovlulqa

AUO Step-by-Step dMMSURNISEU
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.‘ STEAM

of Things
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Object Detection / 0S00
duINNOINNIWKSDIALD
. .




- - man © 4 godf BOIZ, (@® STEAM
Ultralyltlcs Platform naetts RYESTHENR l i e B N A\ . of Things

NAMWSOUNS:=UOUNS: Upload Dataset — Train = Test — Export/Download

O~ © e (3

Upload Dataset # Train Model » Test Model # Export / Download

~

LasgusUmwwsou Label ua: ld@n YOLOvV8n 10u Base as>v&adu Bounding Box uas adUlkaauwana .pt twalh
dUlkaawng Ultralytics Platform Model @vA1 Epochs, Batch Confidence Score nau Export TUBvUDsY sounu Code
\Woas1o Dataset dmSumstdviu Size ua: Image Size DINUUIS Python

Training uu Cloud GPU
_. \ ,
- 4 o J) o 4
/ —

Ultralytics Platform Aoo:ls

wWuuwaawos$u No-Code/Low-Code dnsu
Train Tuiaa YOLO ooaulad sovsudvucdnis

Upload Dataset hankhargsduuula:

Download Model wuuwsSoutsviu
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Dataset Aoo:ls?

ADWEIATYVOL Dataset: NMWN{GiNIULa Al GovTdoTudUWELWaUAEKAIN
Kang wolklulaasauslanseunau oonwuin luiaadvuduguasanss
uINVU

WavavIUsUNIWGDS:GUAIUU: Dataset Uoe — szaud | Dataset Uu
Nav — stAUNaV | Dataset UIN — staudvda lagoruounwidurktotu
INcurikan lunN1sNTKuQs:auNISUSELDU

554510 Dataset NQ: 0hoNwlasudINUULAELEaDNKaINKaNe | Label 90
WhrunelkrAsunouta=QNAasw | asoddaouUACUNIWAIWNOU Train IWOTAIA
Train Score NWAULNCUA > 0.85
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Google Ultralytics

' MNINURA

Ultralytics
https://www.ultralytics.com - utlawinil :

Ultralytics | Revolutionizing the World of Computer Vision
Ultralytics is a complete computer vision platform for annotating datasets, training YOLO models on cloud

GPUs, and deploying to 43 global regions, all from one ...

The ultimate end-to-end
computer vision platform

Annotate data, train YOLO models, and deploy to 42 global regions, from one
unified platform.

Speak to an Al expert = Get started

WWalndidulsdual tkna “Get
Started” muanfs IWaLSU

aulsviu

STEAM

of Things &
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l@aan “Continue with
Google” muanfs tNaalAs
duigatlazlings:uuaigunys
Google
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ef ultralytics

Platform

Train and deploy custom computer vision models with
Ultralytics Platform.

Create your account

Get started with Ultralytics Platform today.

Get with company email

i 5 Continue with Google

) Signup with GitHub

First name Last name
John Do

Email
you@company.com

Password

Create a password

Create account

Already have an account?

STEAM

of Things

U

BURAPHAHHI [ERSITY
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Login wwatdhigviu e o a0l BOI, (@) STEAM €

e uvitralytics
o-0-0

& sotddm+5@gmail.com

ej ultralytics
@

& sotddm+5@gmail.com

e ultralytics
-0

& sotddm+5@gmail.com

Tell us about yuurself

@ Data Region

Help

Display Name

Al Drone School
Your profile:

Jsername: platform.ultralytics.com/ai-drone-
school
Data region: Asia Pacific

1/ | ai-drone-school

'ﬁ‘ Welcome Bonus
You've received $5 in free training credits!

Primary Use Case

Manufacturing & Industry Healthcare & Science Quick Start

Research & Academia Personal Project

Get Started >

1. AvAdayaRlEvu 2. 1don Data Region 3. fuduuazisuldvu
nson Display Name uaz: l@aan Asia Pacific muns:uu asJ>ddoudayausyBliA
Username madutdan Lzt WWarhKkuawuRdatfu [Sousos MAUUnQ Get

Primary Use Case uasna doya :nduna Continue Started WWatdgkin

Continue Ultralytics wa=sutévmu
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ef vltralytics D

Q, Search...

(@ Home

(m Home : . i . . -
Welcome to Ultralytics Platform. Annotate, train, and deploy your computer vision models.

Q Explore
1. Get Started with Ultralytics Platfo:

= @ \Velcome back, Al Drone free Ultralytics & :
j Example Dataset - sotddm+5@gmail.com

{3 Train

F>)
E) Example Project  J=5 B R il % Hepioymeits

& Deploy v

No active deployments Q u i c Kﬁmh YouTube

8 Datasets + New Dataset Projects

ann + New Dataset iwo
un1s as1v Jayadiksu m
Al Detection

A
1

. Example Dataset (& L i . | Example Project &
Bimgs -B0CE - 84 B4 B e il N © 1model & 5.3 MB
(= gm—f_%m ; i e & Datasets
o gl 9 Models
% Images

27 Deployments

Largest items

@ Help

&2 Settings Recent Activity

Your latest datasets, projects, and deployments Ask Al .,
Al Drone School .
& sotddm+5@gmail.com £

) Search activity...
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e ultralytics D @ , @ Mod

C Search.. |
Models Test i Detect b Addlicense  ( Ready

(my Home

B4 517 images - 517 labeled - & 517 annotations - & 309 MB ®& U | just now

) Explore

B Annotate
Images | O Classes® i Charts @ Models §° Al * @Valt 2 © All-Created¥ Q) Search..
"
Models Test
“} Example Dataset
O Train i
& Example Project

& Deploy w

No active deployments

awisall sumw ks Aauadlown Import @ wuld 1
1AKUND
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of Things Qg surarmaunversy

@ Public
Name Date modified

v Today

Bl 5a906e33-3248-472b-a3d8-d78ec6a78161 8/29/2026 3:1- ¢
Bl 30803 8/29/2026 3:1- '—'

Drop to upload

Release to add files to your dataset

Videos <icB Datasets <10 GB

Automatically extracted to frames YOLO, COCO, or Ultralytics

NDJSON datasets
MP4, WEBM, MOV, MKV, M4V

ZIP, TAR, NDJSON

ed automatically. Once complete, you can browse, annotate, and train models on your data.

] 1

1w wano §Umwnsaacﬂanwlsaumsbhsama\)ms
61 Import k$oanikindlalae




THAILAND a D')lr BOI .D STEAM

BOARD OF p— :
INVESTMENT fansuuumanudon s 0 E \ of Things

by Ai Dror X < Home on Ultralytics Platform X =

platform_ultralytics.com/ai-drone-school/datasets/models-test
1

WatwusUnuiudd aatdansumwngoluld Label

@ @ Public

_ _-_;“: Models Test iDetect b Addlicense  (© Ready

Ed 517 images - 514 labeled - & 514 annotations - & 30.9 MB ® Updated just now

Ed Images () Classes® | Charts &@ Models [° All*Y7 | @ Train ® Vs @ Tes ( :  © All-Createdd ()

Ask Al O
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dso Class vavdaancdavnis Label nalun + Add
Class

¢ ultralytics

© O O &

(m) Home

(Q Explore

B Annotate
@ Models Test

() Search classes... pp——

[ Train

(8 Example Project

CAR AM. @® 2

Add class




ef vitralytics

() Search..

(m) Home

Q Explore

B Annotate

@ Models Test

“§ Example Dataset
(3 Train -

(E) Example Project
&/ Deploy v

No active deployments

annsaUlKWIAAUINA LlazaSsIdddUTD Class (K
anCov
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CAR_AMBULANCE

3/517 O ed4953bb-9f53-48ch-9fel_

CAR_AMBULANCE

960 = 540

BOI

STEA\

o

.\_/

CAR_AM..

Add class

STEAM

of Things

Q) Search classes..
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AIR Detection X +

fudduduav Package Avassud:i
UoyaniasguuIbDIKdIKSuWISaU
ONew- ¥ O @ U luddu vavlwalaos DATASET

Date modified

= A C ‘% Start backup >

New Dataset

Create a dataset for training images and annotations.

X, Upload | &2 URL & Cloud 2= OnPremise

l‘l Homa Name

Il ai detection lab 28/8/2569 23:20

& Gallery

/I\

I captures 28/8/2569 14:30
|

Drop images, videos, or datasets here Il DATASET 29/8/2569 11:02
M Desktop »
or click to browse — supports YOLO, COCO, and Ultralytics NDJSON datasets B rodels 28/8/2569 23:20
e J Downloads #
Images <50 MB — AVIF, BMP, DNG, HEIC, JP2, JPG, MPO, PNG, TIFF, WEBP E .gitignore 28/8/2569 23:.09
Videos <1 GB — MP4, WEBM, MOV, MKV, M4V
Documents » ;
Datasets <10 GB — ZIP, TAR, NDJSON B Docume B ailb 26/8/2569 13:09
: Pictures »

B pyhula-1.1.8-cp312-cp312-win_amd64.whl 26/8/2569 13:09

Dataset Name
2.

tcndii NWISEU l@oNIaa OUED

URL B DATASET X + 2 ° . .
aovaistnrlunadou KsSalsSgu

laagralulwataos

/ai-drone-school/datasets/ ( models-test
b

= I C ‘@ Start backup > AIR Detection > DATASET

Lowercase letters, numbers, and hyphens. Platform adjusts the URL if needed.

URL is available () New -~ 1L Sort ~ = View ~

s

Description (optional)

A Fde Name Date modified
Describe your dataset... . . bul di 9/8/2569 9:51
B Gallery carambulance.ndjson /8/ :
B crgasolinne.ndjson 29/8/2569 9:51
Task Type License (optional) Visibility B crmacndjson 29/8/2569 9:51
M Desktop 4
it Detect - Mo license - @ Public () B carraptorblue.ndjson 29/8/2569 9:51

- Downloads »

- . carwhite.ndjson 29/8/2569 9:51
Cancel Bl Documents 2 B raptorred.ndjson 29/8/2569 9:51

& Pictures » B supercar-2.ndjson 29/8/2569 9:51

@ Music » B truckareen.ndison 29/8/2569 9:51
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Q. Search...

(m) Home

Train New Model Q. Explore Train New Model
Configure a cloud training run or generate a local training command.

Configure a cloud training run or generate a local training command.

@ Base Model B Dataset & B Annotate @ Base Model B Dataset &

# yolovBn % iR Models Test @ Models Test

“§ Example Dataset

# yolovBn

it Q Search models..
Si7imgs -1Cis - ® 503 1 14 e T F (3 Train W
E | Example Project of Official

= My Models
[3J Project

2 Deploy w
E Example Project N Tom : i} Detect
WO active aeployments

- o YoLon + yolov8n
Epochs (O Batch Size (O Image Size ()
100 auto 540
yolov8m

81 Advanced Settings yolov8l

yolov8x
< Cloud Training O Local Training

Save Dataset Version (O

GPU Type

RTX PRO 6000 new 96 GB - { Top Up Top Up

Estimated Cost Estimated Cost
~4 min at $2.09/hr $0-13

$2.09 ~4 min at $2.09/hr $0'13

~1.8s/epoch - 517 images RTX PRO 6000 - 96 GB ~1.8s/epoch - 517 images RTX PRO 6000 - 96 GB

Help

81 Settings

Al Drone School
& sotddm+5@gmail.com

fikuam Epochs, Batch Size a: Image Size 14 laon Bass Model lluzyﬂmiaﬂ LYOLOv8n lWST.:L.J[UlOa
IKUN=S U yunatan waztnsulasaatsouarna Start Training
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Download File .pt

Kavoiana Start Training s:uup:sULtnsululaacusudUu
Epochs nAtkua lagawisadiacaiuaduAukurlaann
Training in progress

(m Home

Q Explore

B Annotate

@ Models Test

“§ Example Dataset
[3 Train

E | Example Project

57 Deploy

No active deployments
¥y

Help

&2 Settings

Al Drone School
& sotddm+5@gmail.com

i Detect 2 AGPL3.0 (@ Updated 1 minute ago

mAPS0-95

94.9%

Overview Train Predict Export Deploy

Run Information

Training timing and environment details

Training in progress

Start Time
Aug 29, 2026, 07:32 AM UTC

Ultralytics

Linux-5.15.0-173-generic-x86_64-with-glibc2.39

GPU

RTX PRO 6000

Command. Requires ultralytics=8.4.130 ()

yolo train device=0 model=ul:/fultralytics/yolov8/yolov8n data=ul://ai-drone-school/datasets/models-test project=ai-drone-school/example-project name=exp task=d

4

Precision

99.6%

Runtime
im (running}

Hostname

lambda-scalar

Python Version

3.12.3

Parent Model

-

Recall

100.0%

Epoch 59 / 100

o) ) et
Compute Cost

Environment
Docker

CPU

AMD EPYC 9655 96-Core Processor

i
i

-
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ef vltralytics D @ ; & Private 5 exp

Q, Search...

@ exp
(@ Home "t Detect g3 AGPL 3.0 (© Updated just now

Q Explore

B Annotate mAP50-95 Precision Recall
@ Models Test 97.3% 99.6% 100.0% | 2
| 517imgs -icls - @ 503
“} Example Dataset o LET
(3O Train
E) Example Project Overview Train Predict Export Deploy

%7 Deploy “

Ho cttos deBlovinarts Run Information © Completed
}alLvE Us YITIETNILS

Training timing and environment details
Start Time Runtime Compute Cost

Aug 29, 2026, 07:32 AMUTC im $0.07

oo Ll
RTX PRO 6000 - $2.09/hr

Ultralytics Hostname Environment
lambda-scalar Docker

05 Python Version CPU
Linux-5.15.@8-173-generic-x86_64-with-glibc2.39 3.12.3 AMD EPYC 9655 96-Core Processor

GPU Parent Model
RTX PRO G009 -

Command. Requires ultralytics=8.4.130 (&

s/yolov8/yolov8n data=ul://ai-drone-school/datasets/models-test project=ai-drone-school/example-project name=exp task=detect epoc

[

Woaniu=tu Completed waavinnstnsuLas

auysad MmauuasdIvdaumUs:ansmwuavlulaa omena  Porformance Metrc & Epon
I ° 2 al evaluation results it -,
nouulUlzou =D

Q Search metrics...
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ef vitralytics D @ > @ BPrivate > exp

Q1 Search..

@ exp
(@ Home i Detect & AGPL 3.0

Q Explore

B Annotate mAPS50 mAP50-95 Precision Recall
@8 Models Test 99.5% 97.3% 99.6% 100.0% :
&) _ﬁ1?iﬂ?ﬂ;."|l:h - @ 503

} Example Dataset be i

(3 Train

E) Example Project Overview Train Predict Export Deploy

% Deploy w

: i (= Completed
Mo active deployments Run Information

Training timing and environment details
start Time Runtime Compute Cost
Aug 29, 2026, 07:32 AM UTC im $0.07

RTX PRO 6000 - $2.09/hr

Ultralytics Hostname Environment
lambda-scalar Docker

0S5 Python Version CPU
Linux-5.15.@-173-generic-x86_64-with-glibc2.39 3.12.3 AMD EPYC 9655 96-Core Processor

GPU Parent Model
RTX PRO 6000 -

Command. Requires ul

hcs/yolovB8/yolovBn data=ul://ai-drone-school/datasets/models-test project=ai-drone-school/example-project name=exp task=detect epoc

[ ]

nalonauadlkaamuands waaidulkaalwa .pt 4 Bomasa  Perfomance Metrics 4 Boorsun

Final evaluation results
Ask Al 8

Q1 Search metrics...
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« S5 v A J > Downloads

Organize ~ New folder

A Gallery ~ Earlier this week

exp-2

- Al PROJECT T e
R \ . e T i '|| (e
Frecision Recall b=

M Desktop

- Downloads

- —r— VAT e P "
B Documents 100.0% § odaiToet © [
BomblIED - | !

»
»
-
.

& Pictures

File name: | Test_Models.pt

Save as type: |PT File

(@ Completed

Compute Cost
$0.07

A Hide Folders | | Cancel B

Environment
lambda-scalar Docker

1 Version CPU

Linux-5.15.0-173-generic-x86_64-with-glibc2.39 3.12.3 AMD EPYC 9655 96-Core Processor

GPU Parent Model
RTX PRO 65009 -

-

E/yolov8/yolov8n data=ul://ai-drone-school/datasets/models-test project=ai-drone-school/example-project name=exp task=derm
b
[ —

vialwalulaamuadavas l@aadittkuvaatau 7n S A AR ol o
& 4 - . " - /8/2569 =
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® New v X% @D Copy Iwa

& Home ~ Today Name

= Al Drone Detection Lab 12-Slide
a Gallery n Course Summary u et

Microsoft PowerPoint Presentation

temp_designfianssu (2) Test_Models.pt
@ Desktop ﬁ Microsoft Word Document . PT File
w 7.10 MB 5.94 MB

. Downloads

B reaDME 26/8/2569 13:09 Markdov

2. WWalwalaos Models uovAdASSU gegem g
lwhlwataaslusiondasnssu aAUU © O Sabadup > Deskop > ARDecion > modet
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= b & ‘o Start backup > Desktop

Date modified Type

B rReaDME 3:09 Markd 1 KB
; = B Test Modelspt 69 14:43 PT File 6,087 KB
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Type
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' Downloads
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‘@ Start backup > Desktop > AIR Detection

T Sort v
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I ai_detection_lab

M captures

I DATASET

B models

E .gitignore

B ailab
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. requirements

B START_AI_LAB

B START SETUP

>

Date modified

26/8/2569 13:09

26/8/2569 13:09

Type

File folder

File folder
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Git Ignore Source File
PY File

WHL File

Text Document
Windows Batch File

Windows Batch File
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74,578 KB
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Create New Project e ¢ a0l BOIC, (@) STEAM @8

+ .
lNVESTMENT Adnnuanulonemsaaufnm sT E ' \ (o] f T h In g S

BURAPHA HNIVERSITY

ISDOM OF THE EAST

@ roboflow Projects

e 2+ Invite Team
Testing 3 Q

Sort: Date Edited v~ !

+ Mew Folder + MNew Project
Public Plan = 1 Mambear

& Projects O

Object Detection

@ Object-detection-1_day

Edited 18 minutes ago

Public = 100 Images = 0 Models

Workflows

Maonitoring

Deployments

Explore

Settings

Help & Docs

MNotifications

S Sippapas Suk... >




Let's create your project.

Testing > @& Public

2. Avyd Project
Project Name / &,

[E:; '‘Dog Breeds' or "Car M-:rc] | E.q., 'dogs’ or ‘cars or words | | & Private @& ‘[ @ Public ] | CCBY 4.0 w |

Visibility Licenses (2

Project Type 1. 1don Object Detection Project

P

Object Detection I Bounding Boxes  # Counts 2 Tracking

Identify objects and their positions with bounding boxes.

Classification & Image Labels 7 Filtering  + Content Moderation
Assign labels to the entire image. Single-Label Multi-Label
Instance Segmentation I Polygons ¢ Measuring &b Odd Shapes

Detect multiple objects and their actual shape.

Keypoint Detection Y Skeleton Structure 3 Pose Estimation

Identify keypoints ("skeletons”) on subjects.

Multimodal @ Prompts  {D Visual Question Answering G Captions

Describe images using text pairs.

Show More -

\ 3. aa Continue with Public
Cancel



Upload doaua (suniw)

€ TESTING

¢ 1 Upload
(aa)

Batch MName:

Uploaded on 11/15/25 at 10218 pm
Object-detec...

Object Detection

Create batch instantly

DATA

[ T  Upload Data ]

] Annotate
& Dataset 5a
I] Versions Train

& Analytics

= Classes & Tags

MODELS

& Maodels

fi
L
=
L
[
[4F

DEPLOY

%7 Deployments

THAILAND

BOARD OF
INVESTMENT

Tags:

gool BOI&,
STE.,\

Ainnuamuluviemsanudnum
Suemans 330
nazunnssunvIsE

@, > EAM

of Things BURAPHA UNIVERSITY

WISDOM OF THE EAST

MNeed images to get started?

N

Upload data from your phone

Scan the QR code to
upload images and videos
from your phone directly to
your project.

T

Upload sumw/3dlomntasov
anlwa
“Car_on_the_road_train.mp4”

Fearch on Roboflow Universe

Drag and drop file(s) to upload, ar:

[ Select File(s) [0 Select Folder

Supported Formats

0 Annotations
in 26 formats A

Gl Images

.jpg, .png, .bmp, .webp, .avif LMoV,

e of 28MB and 16,468 = 18,988 plixels.

01 Videos
.mp

[ PDFs

Search across 600k datasets and 400
million images in the world's largest
platform for computer vision data.

/

. pdf

Download ;agiudaya ‘

Bulk Upload Images

Upload 1k+ images to Roboflow projects
using Python SDK, REST API, and CLI.

<[> Learn More




Annotate sunmiw (label suniw)

€ TESTING

e

(2]

Object-detec...

Object Detection

DATA

A

Upload Data

(=

Annotate

@

i

Dataset =

Versions Train

Analytics

Classes & Tags

MODELS

X

E

Models

visualize

DEPLOY

ﬂ}

Deployments

L. r

Annotate

Sort By: | Newest

Unassigned
1 Batch

Upload More Images

Q, View Unassigned Images

Clone on 11/15/2025 from rahul-yhghg/safety hat

50 unassigned images

Annotate Images —»

oo o9 OOV

INVESTMENT

Ainnuamuluviemsanudnum
Suemans 330
nazunnssunvIsE

Annotating
1 Job

Clone on 11/15/2025 from I-clkmy/HELLO RIZZER L...
Labeler: Sippapas Sukpholtham

50 Images

() @ Annotated y
58 Unannotated 1

Start Annotating =

1. na Annotate Image

BOIZ
STEN\

$7 Roboflow Labeling

.‘ STEAM

of Things

Enable Review Mode &

Dataset

a

Jobs

U

BURAPHA UNIVERSITY

WISDOM OF THE EAST




Annotate sunmiw (label suniw)

& object Detection

car-detection...

DATA

/T\

(Gl

i

@

MODELS

<f

S

-
A

E

Upload Data

Annotate

Dataset @

Versions

Analytics

Classes & Tags

Train

Models

MNAS

Test

BOARD OF

/) THALAND

fdnnuanulvnemsanuinn
Jummans 3o
HAUIANSSUNKITIR

< Annotate

Unassighed Media

) Upload More (& Rename

Batch: Uploaded on 09/10/26 at 11:18 am (© Uploaded Sep 10, 2026 (11:19 AM)

2. 1390 Label Manually

Search

Q, Search Batch Uploadedon! v

=

Split v Classes v Tags v

Show Annotations

Sort By Newest -~ Ga Search by Image

Car_on_the_ro...

Car_on_the_ro... Car_on_the_ro... Car_on_the_ro... Car_on_the_ro... Car_on_the_ro...

| v | 0 selected

Per page: | 50 v 1-50 of 181 1 2 3 4 ?

v aol BOIZ (g STEAM

B By N3

o Yo\
d
| )
i

= BURAPHAUNIVERSITY
S = WISDOM OF THE EAST

of Things

STEA\

Choose how to label your images I

Fastest

ﬁ Auto-Label And Review

Create a first pass across the batch, then
review or edit anything before adding it.

o Label Manually

f
Create each label yourself, one image at a
time.
s, Label With My Team >
=
Split up the labeling work across your team.
,:Hﬁ, Hire Outsourced Labelers & Upgrade

Work with a professional labeling team vetted
by Roboflow.

KUNYLKQ: d1u1sataan Label With
My Team W2 R1DIUSINAULWIUSIU
nula




Annotate sUunw (label sunmw) - gig <0 G20 BOI-., (@] STEAM

CAR-DETECTION-TEST-2026 > [&] ANNOTATE
Car_on_the road train mp4-eee1.jpg S 1 ? ° a ) 'k
naGngnwa Add Image to Dataset
o Annotations (10a label Asuuad)
Group: car-detection-test-2026
Labels
Classes Layers 8
T: ® Suv 1 7
Attributes
® Sedan 1 j
O
A
Comments
Unused Classes .
D @&
*
History %
<> 15
Raw Data 4 Find Objects with Al 3
Tags D
2 %)
Juaau: o
1. axnnsaunAsau Object nis1Gavais
2. WUWEa/1aan Class )navnisaasauldfoo:ls %)
3. Mé1luisouq




Version e o g godU BOI<, (g STEAM

INVESTMENT i e B N A\ of Things

< TESTING

@ object petection U Versions ‘ 2. 1390 create new versions

I Object Detection

2025-11-22 5:12pm 2025-11-22 5:12pm oy, Download Dataset [l Delete
car-detection : O sippapas Sukpholtham | (@ 234 By @ Sippapas Sukpholtham on Nov 22, 2025
DATA v A 2025-11-17 3:20pm
1 Upload Data O Sippapas Sukpholtham & 216 [ 512x512
5 Stretch to
Annotate
Roboflow Instant 1 [Evall This version doesn't have a model.
@ Dataset 93
O Sippapas Sukpholtham (@ 38 Train an optimized, state of the art model with Roboflow or upload a custom trained
i Versions model to use features like Label Assist and Maodel Evaluation and deployment options like
our auto-scaling APl and edge device support.
@ Analytics
4 Train Model
1= Classes & Tags 2 1
1' lagn versions Uses Roboflow Credits View usage A
MODELS v (L) How to Upload Custom Weights
=f Train
% Models



Version maao - 4 godl BOIZ,

INVESTMENT v nanuaomsaauin sT E ’ \
i K
Create New Version & Uses Credits

Safety Hat Prepare your images and data for training by compiling them into a version.
Experiment with different configurations to achieve better training results.

w2 @ 50

Version Name: tudunauliisiawisalsSuANWQASY
Preprocessing ua: Augmentation la

o Source Images Images: 50
Classes: 5
Unannotated: 0O
Train/Test Split: USuAardruduvayantirlu
o TrainfTest Spllt Training Set: 35 images Train, Validation, TeSt
Validation Set: 10 images
Testing Set: 5 images
Preprocessing: Usuuuiq, aa noise yavmw
Resize: Stretch to 512x512 -
Augmentation: iWu31udu Dataset lagaisun
sUlauuIKkyu, USud, a:nauaiu Yad
o Augmentation Turned Off

tiausuAnagaiulikna Create ‘
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of Things
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IBURAPHA'UNIVERSITY

‘WISDOM OF THE EAST

++

2 psse & g0 BOI.
Wesvenr A e QTR ,\\

y
.

1. na Download Dataset

oy Download

Image and Annotation Format

-

b

YOLOvT

COCO-MMDetection
CreateML

FaliGemma

Florence 2 Object Detection
OpenAl

XML
Pascal VOC

TXT
YOLO Darknet

YOLO v3 Keras

YOLO v4 PyTorch
Scaled-YOLOv4

YOLOvS Oriented Bounding Boxes
meituan/YOLOVE

YOLO v5 PyTorch

YOLO v7 PyTorch

YOLOv8

¥OLOv8 Oriented Bounding Boxes
YOLOV

YOLOVT

2.1a9n Format YOLOv11




Version TALAD )HE)')lf BOI<, (@%STEAM

INVESTMENT 1 auda q 0 c’ \ of Things

s Download X

Image and Annotation Format

YOLOWTT v

TXT annotations and YAML config used with YOLOVTI.

Download Options

© Download zip to computer

Downloads all images, annotations, and classes. _l 3. 139a Download uuu Zip File

Show download code
Custom train this dataset using the provided code snippet in a notebook.

‘ 4. Continue




Object Detection in Google Colab

https://drive.google.com/drive/folders/13ckdbhttlgPvrKupiolwfH1IkO2frAlw?
usp=sharing



https://drive.google.com/drive/folders/13ckdbhtt1qPvrKupioLwfH1Ik02frAlw?usp=sharing
https://drive.google.com/drive/folders/13ckdbhtt1qPvrKupioLwfH1Ik02frAlw?usp=sharing

Download YOLO avuu Google B v €
Colab

v Download YOLOv11

- o Ipip install wultralytics

> +++  Show hidden output

KUTELKA: Wavn Google Colab sULUUIEWS 2:0MSSaKUDIIAUANIUTIEUD ADUUD:
diov download library YOLO (kunanasviigviu




BOARD OF W 4 of Things

Train Model )1advinisilauiaia Roboflow mann o 9 FOOU 29; : e’ STEAM @&
FVESTVENT T g ' &y,

v Train the model

. ‘ © from ultralytics import voLo €| Importlibrary YOLO o activate msisviu

‘ model = YOLO("yololln.pt") # start with random weight (—l Sududdasealdviu YOLO version hdavmis

model.train(data="/content/drive/MyDrive/Colab Notebooks/Project Object Detection/Car_on_the road/data.yaml™, epochs=38)

> | s Show hidden output ‘ Alkua path vov file data.yaml \

[} README.roboflow.txt

Tips: K1 file data.yaml asv folder uav
|__'| data.yaml Download a - -
W google lab naaiwaaviveglwaua:iaan
» [ safety hat “Copy Path” avsu
» [ Safety hat 2 Rename file
Delete file

D Object_detection.ij

D Training_Meed_survey  Copy path

ﬁ Trmarmirmem  FAesee] @0 0P i HE‘frESh

Add to Gemini



Test Model (a>g lib YOLO) se o @ BOIC,

Juanmans 3je

Test the model

with YOLO method

TNV 7T

° model = YOLO("runs/detect/train/weights/best.pt”) @
results = model.predict( (:;)
source="/content/drive/MyDrive/Colab Notebooks/Project Object Detection/Car _on_the road/Car_on_the road Test.mpd”, # folder of test images

conf=8.7,
save=True

+++  Show hidden output

)

Juaau
1. tdnad (path) vovIwd .pt (weight) Bviuwaawsnisalaoinnis Train Juaaunudd
2. ldnad (path) vaviwa video nis1davaisquaaws
3. conf Ad confidence number KSan1AWKNUlDUDY Model dadaanasiddulatunw

***luasaitiavAn conf = 0.7 kurgavaiwuldouinnd 0.7 (70%) uaavwa***
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Test Model (a>9 OpenCV rne o g aodU BOI«  (@f STEAM (@
p INVESTMENT btz s ] E A\ of Things &y

v with OpenCV method

[ ] .
0 import cw2
from ultralytics import YOLO

model = YOLO("runs/detect/train/weights/best.pt")

cap = cv2.VideoCapture("/content/drive/MyDrive/Colab Notebooks/Project Object Detection/Car_on_the road/Car _on the road test.mp4™)
fourcc = cv2.VideoWriter fourcc(* 'mpdv’)

fps = cap.get(cv2.CAP_PROP_FPS)

width = int{cap.get(cv2.CAP PROP_FRAME WIDTH))

height = int{cap.get({cv2.CAP_PROP_FRAME HEIGHT))

out = cv2.VideoWriter("output.mp4”, fourcc, fps, (width, height))

while True:

ret, frame = cap.read() o . L
£ not ret; A1SNI1VIUASII|UDY code UAD

1. avArdiukuvyaviaadivginlaninianisiiunsuav model
i 2. udavwamuucavuudalo
for box in results.boxes: 3.A1Kuan confidence number laglgArav if

®x1, yl, %2, y2 = box.xyxy[@].tolist()
cont = box.conf[B8].item()
if conf > 8.7:

cls = int(box.cls[@])

label = results.names[cls]
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